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Abstract

Semantic lexicons, such as Roget’s Thesaurus or WordNet, act as useful knowledge resources in natural
language processing applications. However, such manually created lexical resources do not always reflect
the new terms and named entities frequently found in the Web. Moreover, manually maintaining
lexical resources are costly and time consuming. Motivated by this challenge, we propose a method to
automatically extract related terms using the web as a corpus. The proposed method exploits snippets

retrieved from a web search engine and efficiently finds related terms.
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aXoryY 0.0745 | 128.1 | % or X of the | 0.0815 | 11.7 | X or * of the | 0.0807 | 16.5
asa XorY 0.0692 | 13.5 X a * that 0.0763 | 44.0 X by * of 0.0801 | 32.1

0.5
PF —— # 5 Lin'98 & DDA D LU

WeightTF  smsmessen

Lin'98

| iR (Bfznfk) | @5 | @10 [ @20 [ @30 |

50

1BAf DEx

¥ 3 Lin’98 & o Lhifi

ERELTH D, K222 L, ¥ —vDERIN
Bay 75—l EhoTwa I Eghs, 2k
B BAHDFES N5 — 21 TlE e BB <
F— ko THEEPHEIN TV S Z L2 EKT
5, Lo T, AFTHER L ADEDiER Y —
2Tt TE RV &) RRZEEEDREFIEIC K-
THitHAIBE L 2 2. k. LAEEEIGR & MZEERILRIC
DVRTHZENSEDNY—voafiicL Tz oy s
T IVERBETE .
4.1 PBHEMAFRE DLE

REHEEE [ B o R 2 S5 TR & LTI, Lin?)
WKk B2V =7 ZADOHENETFIEDRD 5. AHiTlE,
BEHEER HH 0 TIE & ORI & L C Lin OF
#2479, Lin &, WU S ikl sz
EOXFRERFMLT, HEIMICS Y —7 A% HET 5
FHEEZRELTED, &2 L TioiEDKAR
FROMATV 2 EEA & G L CERLAN S 92, PGS
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Lin’98 0.28 1 0.30 | 0.28 | 0.27
PF 0.32 |1 032 | 0.32 | 0.29
Weight TF 0.44 | 0.36 | 0.28 | 0.30

BT 28Ik TR L LTk CHvwe
7o, RFETHHITEE LTHW S, HigERT
1 {cord, forest, fruit, glass, slave} &> —f&H7% 5
FEERNREEL L, RiSLORET TN L 2 FzEE
EAE50 L, Lin Dy Y — 7 ACEFIN TS [H
FiE LA 50 TR O W TEH O AR E N1,
ZOMIRELS IR, K525 L, 7530
DAL R W L 7254 TIRIRETHIC OB 25 8
RSN 2D, AEMICIZIZIZRABREDOHEERE ko
TED, RBEFRIT) FCHEEZMETETws 2
EDVI 5. B, REFHEE, Lin DFED LI I
HoDULoa— Az HEL )RR % 3 % 08
D7, FAREOEARTH > CTOARFEOH A
HWEEHIZENBTES,
4.2 BEOVYV—FAELDHE

RIZ, BHEOLY =7 ALK EIT). £5D
SHGEZNRE L, [EET — %13 Roget’s Thesaurus
(M#3E) , WordNet (EA7EE, THEE) (< BEE#EE
LTCERINTVEHDE LT,

X 4-K 6 12, 2nZEnoMEATEEZH RO
PHUAS U 72 RB B/ IR & 75 25880 1§ 20 F
fliz ™y, HZEEBOLAICIE, FHIZRET 0.158



(WeightTF) , EfzgEo¥&1cis 0.114 (PF) ,
PEEEDEEIZIZ 0.084 (Weight TF) &4o7z, Wi
DAY, BUSEERDH0 ICUTV & F 13 F IRl
7208, HUSEEBOSIE 2 % LS R D, 3618
(2 EREEDINH, HLCIFTHT 2, AEEPT
VEED AL, THUHS U 7238/ 16 & 70 2558 =
135, Thbb, ERELTEFRINTVEIERE
EFLEDFER IS L7 & 3 d FEBEL kot
D3, PAEEOBEICIE & D% OFEREIEE L 72 /708
F D& eoTwd, Ledd> T, TS L 72555/
IEfR & 72 2580 (CBET 2 ) 22 I, R 7R
RICK S THREZ Z 00505, i 1~1.5 B
DHEYITHL EEZSND,
4.3 ZEEOIENMT T ICAWSIBEDLE
BRIC, IRETFHETHOIREOEMNM 2R T 70,
D7Dy MMEE VR 2 FREE L o il
179. Bollegala 51, —#MHIZZIEEETH % Jaccard
£8%%, Overlap £5%%, Dice 5%, PMI (HA[EHE)
ZILICL, V2 7OMBILyY Itk bey M
ZFMH L 7= WebJaccard, WebOverlap, WebDice,
WebPMI £\ 9 $5E%2R11-14 D X H ITER LY
ZIT, HP)IEZPEwH 7)Y THRRELLLE
Dty MEE, HPNQ)IE P AND Q £\v»9H 7T
VTCPEQODFER ANDMELIZEEDE Y M
Bed2, £, WebPMI IZEIT 3 N &, HERD
TEBRPOMBONRERL T2 T R—=V DR TH
2703, IEHERMEIZAIS 2 ETER DT, KX T
X Google IZ&>T7 R —LEINTW5 1010 = ¢
L 7.

B H(PNQ)
WebJaccard(P, Q) = P+ H(Q) - HPA %)1)
B H(PNQ)
WebOverlap(P, Q) = min(H(P), H(Q)) (12)
. _ 2H(PNQ)
WebDice(P, Q) = TP+ HQ) (13)
H(PNQ)
WMbPhduf:Q)::bgg<}“P§ﬁwn> (14)
"N N

DLk, 4 5DBAHRERICIRETIETH 5 2 DDIEEE
ZINZ Tz, a6 DB OW TR L7, 2 2T,
[F#5E 2 B E ICR > — M 258 & LT “magician” %
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BMHERED ) Tid FHEDIEED - 72D Web-
Dice, WebJaccard D 2>ThHh (ZD221%, 75
7HTIRIEELES>TWS,) , FREES 134D L &
12, FAEDMRET0.162 TH -7, flid WebPMI, We-
bOverlap (& 241k ) bHOFERTH > 7. fhodSCHR
4, 15) 1%, WebPMI % WebOverlap 23621 TH % &
ENTWBEY, KD LI, HorLofithd 2
BIfR % E & 7z L ToBEREOMIcE W TE, B4 b
FEHLE e o,

REFIETH 2 PF, Weight TF T3, HUFIEED
90~100 D & F T F 25 <, wmmiT0.324 L&D,
WebDice % WebJaccard # K& { ERD, 2fFDE
E o7z, PF, WeightTF D\Wind, FEALEFE
IS 137\ 0208, BUSEERMS 120 LT R Tk,
® Weight TF 25 ER[> T3, 2D 200 FikiE, B
SR Z 2 &, IRAICKENEE TV A, T
XD 72 A5, Recall 25 E23D Precision
IR THERINIC FIES I35 7200 TH 5. $17,
37— & $d3 30-50 /NS WK TS, fho Fikic
HRTRWIEEZFEHLTEY, EROEE BT
VXV TETVBLIEDGD S,

DL EDFERFERD 6, FEETIEIIEAA T & R,
Fliz KECKET B ENTE L, Thbt, i
M7 BTl e <, MR BAEE, THEEE V)
REDBRTHIUL, IREFED L I 1Ty —v 2 fl
T 23580580,

FEREIT “magician” &\ ) FEICH LT, REFIEIC

5 EFEOETCIE, MBIV P VIS D) 2 ANT 20
Eah b, 71 BOHRY 5% DFEICH L CEHMIiFEERZ
19 2L TEnh ol PMERIC XD RAFEO—RN7%
RSP T DRI E D 72,
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# 6 Bl (“magician” D [HFEE)

Bonsgk | PF | #6075 | Weight TF
*wizard 49 *sorcerer 9.78
*illusionist | 47 clown 7.37
*sorcerer | 43 *wizard 5.93
magic 40 | *illusionist 5.62
clown 37 *shaman 5.55
*juggler 36 *witch 5.09
priest 36 | *enchanter 4.30
*artist 35 priest 4.07
*witch 35 *juggler 4.01
warrior 34 *artist 3.59

X OBUSG L AR L 102261739, 22T,
STAIDNTWVW A D DIE, Roget’s Thesaurus (25§ S
NTR5DTH 5.

5 F&&

KX TIE, MBIV DRAZRy F 23 Z
ET, Vx 7R a—2 L LCHIAT 2 BEEERH O
FEERE L 2, KAFEZHV, & 2BRICH 255
TDOIEH &7 557 — 8 #HET UL, RRFFEISHL T,
62 L 7-BIRIC & 2 EEDIEMN AT Sz ) A 2 HE)
P22 ERTES, V7% a—"A L LTH.
T30, HLOEPEROZIICOHIETE S Z
EDRRTH B, RETHER, ROZIENZ21T-5T
W3 Lin OFEE ZIZAEORKETH Y, ¥ 7T
WSR2 T o T W TEROD 2 FHELE VA S,

SHBOMEE LT, 6% 5BEOUENETS
na, EREEEERZ L, £ OEA, EHlEEITH
nTEH, A7y 7307 vFIERRTEIL
T, MEOWENTRETHL EEZND. FlZIF,
A=y FETTRERAEIBRICEY P LAER=YD
FAL TRy —v 2T 2, R4 RRE W T
VXTI L THEMEE 21T ) R EDOTLRNE

5 s
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X6 Tkt

Ao, £, R6Z2HELE, % PO0THiRw
(Roget’s Thesaurus I8k ST ) §ETH-T
b, “clown” R EWFMAFEL L TSIDLVWEFZ 5.
CDEI)BEBIILIFIET HLEHEZLNDHDT, 58
FEHFD a— /S 2T X BRHliZZ TR <, a A Mad
50, NFICX i 217> T RERH 5. K
EOBRMEE, N —vEHOTHEEL T 2T
BiE, 7= 7oA v raY—uakE T 2%
THBLZ2H0THY, KK T AL S 612
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